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on phonetlc and talker processing Dimension-based statistical learning of speech involves

adjustments to the weights across which acoustic
dimensions activate categories, not auditory encoding

Methods and
Results

Introduction

Statistical learning dynamically tunes perceptual weights,

the mformg’uveness of an acoustic dimension n signaling category For each experiment, N = 30 adult speakers of English (ages 18-35) with no
membership. When short-term speech regularities run counter to

long-term experience, listeners down-weight the secondary dimension language or hearing impairments were recruited online via Prolific.ac and
(e.g., Idemaru & Holt, 2011: Jasmin et al., 2023; Liu & Holt, 2015). For completed the experiment on Gorilla (Anywl-Irvine et al., 2020). Stimuli were

When listeners encounter regularities that oppose

long-term phonetic experience, they down-weight FO for
adapted from Zhang and Holt (2018) using the Praat Vocal Toolkit. phonetic categorization but not for voice categorization
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